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- Y isthe covariance matrix of k
- |E| (o )\ is its determinant of k
- Y listhe inverse of k
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Discriminant Function: ]

Mixture Models (GMM):
L= Zzn wa (il ks i)
B SRR

GMM: not sensitive to scaling
Integer encoding: need scaling
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- Ciz is the membership
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Silhouette Index:

- ajis the average dlstance of the point =;
to all the other points of the cluster in
which #; is assigned to

- biis the average distance of the point #;
to all the other points in the other
clusters.

Rand Index:
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- ais the number of pairs of elements in X
that are in the same subset in C and in
the same subset in D.

- b is the number of pairs of elements in X
that are in different subset in C and in
different subset in D.

- cis the number of pairs of elements in X
that are in the same subset in C and in
different subset in D.

- dis the number of pairs of elements in X
that are in different subset in C and in
the same subset in D.
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- Mabhalanobis Distance(d):
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- dsis a distance formula
- Euclidian:
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Supervised learning: Data collection, Feature
extraction, Mapper function, Objective function,
Learning algorithm
Overfitting: more data, Occam’s Razor, Cross-
validation, Regularization
MAE: Can mitigate the impacts of outliers
MSE: heavily penalize large error
CV: stratified when imbalance proportion
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